Abstract
Corporate communication process and the integration of external messages
The main goal of the paper is to seek and validate new requirements and tools for brand audits in e-contexts (C-Radar and Prism Analysis Table) . This will allow the capturing of both company communication flows and external messages and stimuli.
In fact, the company communication process has to deal with other external message senders that spread other communication flows, which could have the same or a negative/enhanced effect on the planned company communication flow. From a traditional perspective (Shannon, 1948; Shannon and Weaver, 1949; Lasswell, 1948; Braddock, 1958; Weiner, 1948; 1986) , the communication process distinguishes two main players, respectively the sender and the receiver. The latter, for the above authors, only receives the message and gives a feedback to the sender.
However, as already suggested by Lazarsfeld's school perspective, many receivers do not passively receive a company message, because they may also react towards other customers or the company. When receivers become active message senders, they might send a feedback or a completely new message to the firm (Foulger, 2004) .
For this reason, the communication process analysis should consider the coexistence of external communication flows issued by other players, such as the receivers themselves, indirect receivers, other stakeholders or other companies' communication. Indeed, the communication between companies and consumers should actually be considered a dialogue where consumers are not only receivers but also active message senders (Prahalad and Ramaswamy, 2000) .
The development of the Internet and other ICTs has enhanced the role of consumers as knowledge and information sources, promoting opportunities of interaction between them and companies at lower costs and less time (De Chiara, 2009) . As suggested by several authors (Prahalad and Ramaswamy, 2000; Lau, 2001; Cova and Dalli, 2009; Belk, 2010) , the dialogue between consumers and companies can be considered peer to peer communication.
From this perspective, consumers play different roles within the marketing process, actively reporting their needs to the firms but also becoming product reviewers for other potential consumers. Moreover, they may become market research partners, both in the new product development and in other marketing tactics and communication activities (O'Guinn and Muniz, 2005; Fournier, 1999; Deighton, 2002; Holt, 2004; Wipperfurth, 2005; Vescovi, 2008 Vescovi, , 2009 .
However, this collaborative consumer behaviour, often considered a positive tool, is not always supportive of the company. As a consequence, consumers' activities may share company resources (Belk, 2010) or co-create value, but also criticize such resources (Cova and Dalli, 2009 ). In some cases, when consumers group together, they are able to represent a powerful challenge for companies, for instance when they create critical consumer movements against some form of corporation behaviour or negligence (Cova and Dalli, 2009; Kozinets and Handelman, 2004; Kozinets et al., 2010; Hollenbeck and Zinkhan, 2010) . These movements occur both online and offline, and their aims are to support social and environmental issues or other causes. Some companies, as senders, are trying to consider if and how to integrate these parallel communication flows, in order to act in an effective way. To conclude, companies should face the following challenges: -whether to integrate e-signals within companies communication strategies or not; -what stimuli are needed; -who the right target to address is(i.e. the main influencers in a community); -calculate the total online brand noise and valence.
In particular, this study will address how to track and evaluate the amount of online comments that arise around a brand, and how to understand the valence of messages created by customers.
In doing so, the article is structured as follows: first there will be a literature background about Word of Mouth as an important source of information for customers, followed by an overview on the communication audit framework we refer to. After that, methodology, main findings, implications, limitations, and conclusions will be developed.
Despite the variety of channels a person can choose from to communicate and receive information, interpersonal communication is perceived as one of the most credible and important information sources for consumers (Buttle, 1998; Godes and Mayzlin, 2004; Schindler et al., 2005; Trusov et al., 2009) , particularly in relation to perceived value, service quality and customer satisfaction (Arnould and Price 1993; Clark and Martin 1996; Bettencourt 1997; Grove and Fisk, 1997; Martin, Pranter, 1989) . For these reasons, Word Of Mouth (WOM) and electronic WOM (e-WOM) could represent a communication tool managed by consumers, and therefore be perceived as more credible compared to companies communication flows (cfr. nota p. 1) (Arndt 1967; Schiffman and Kanuk, 1995; Hennig-Thurau et al., 2004) . Many studies have emphasized these consumer behaviours and their influence on other consumers' perceived value (Martin and Pranter, 1989; Arnould and Price, 1993; Clark and Martin, 1996; Bettencourt, 1997; Grove and Fisk, 1997; Dellarocas, 2006; Confente, 2011; Hu et al., 2012) . In addition, the Internet may enable companies to easily observe and track these conversations, thus understanding how consumers interact with each other as members of a community (Chevalier and Mayzlin, 2006; Liu, 2006; De Bruyn and Lilien, 2008; Chen and Xie, 2008; Confente, 2012) .
An important aspect to highlight is that e-WOM is constituted by the number of online conversations that happen among people who do not know each other, remain anonymous, or have a nick name that differs from their real one (Dellarocas, 2003; Goldsmith and Horowitz, 2006; Sen and Lerman, 2007) . As a consequence, consumers might feel free to express their true opinions about products and/or brands compared to traditional WOM (Chatterjee, 2001) .
One goal of this study is to provide a better understanding of the noise surrounding a brand that is created by online communities; after that the second purpose will be to explore if these online comments are positive, negative or neutral. Finally, the ultimate aim will be to determine if the social brand reputation is related to the brand value.
The Communication Audit framework and the Prism Analysis table
Communication audits are considered important tools within the strategic decision making process (Brownlie, 1993; Camus, 1988; Cherubini, 1988; Cugini and Wilson, 2005; Fogg 1985; Hargie and Tourish, 2000; Kotler et al,. 1977; McDonald, 1991; McDonald Leppard, 1991; Oxenfeldt, 1959; Stern, 1972; Wilson, 1982 Wilson, , 2002 . It is important to align the goals of the communication plan with the goals of the business and demonstrate value (Goldhaber and Krivonos, 1977; Hargie and Tourish, 2000; Signori, 2008) . Indeed, communication measurement is more widely recognized as a standard global practice in public relations and communication. Communication investment can be evaluated only if it has measurable indicators aligned to business goals (Hargie and Tourish, 2000) .
The measure of communication effectiveness also provides meaningful information for companies. In fact, the challenge is to show business leaders how communication, which supports business goals, might enrich results and brand value over the long term (Hogard and Ellis, 2006) . These evergreen concepts should be updated in the light of all the new opportunities offered by electronic contexts. New scenarios show greater communication activities "outside" the company, and business firms are now careful to include relevant measurement in their dashboards.
In a recent study, the communication audit framework was revised with the integration of external C2C signals and stimuli (Signori and Confente, 2011) . Conceptually, it suggested a communication audit tool, the Communication-Radar (C-Radar) , that should be adopted to capture any external communication signals in order to analyze: -the width of the signal (noise); -the power of the signal (amount of external reactions to a company's message); -input factors (to understand if the external signals are independent or a response to the company's message).
If the C-Radar alerts the company of the existence of external brand communication flows with a loud noise, companies should play an active role. Instead, when it registers a slight noise, managers can decide to maintain a passive control over these message sources.
Another communication audit tool, the Prism Analysis table, was presented and should be validated. It is an external communication impact analysis, which tries to evaluate the valence of external noise. This tool allows a content analysis of posts in order to understand if they modify or distort the planned company message.
The Prism Analysis table allows the company to decide whether to intervene, actively or passively, or not. To help in this decision, the Prism Analysis table has been divided into 9 areas based on two main variables: what and valence (See Figure  1) .
Starting from the "valence" variable, it can be understood how the demand side receives and rebound these messages. On the other side, through a "what analysis", the Prism classifies the kind of messages coming from external sources, known as the supply side, such as online communities and social networks. In Figure 1 , in the first column (same) there are external communication flows, which are similar in meaning to organization communication purposes. These message inputs may be independent from the company's ones, or a response to them.
In the first square on the top left (juncture between same and enhanced), firms are likely to be advised to actively stimulate viral marketing because online communities demonstrate to have correctly spread the company message and perceived it in an augmented way. In this case, when the main communication goal is awareness, the integration of consumers' communities with firm communication is advisable.
In the same column, linking the same message with neutral perception (same/neutral), companies should behave in a passive way; the suggestion is to listen to conversations, in order to include feedback in the communication audit.
Leading towards the last square of the first column (same/distorted), a deep analysis is required to understand company communication mistakes, e.g. wrong channels, wrong codes or a lack of consonance with the target. In these cases, it is important to understand these mistakes and modify the communication plan in order to reduce any differences in meaning.
Moving to the second column (different), there are external messages that have different contents compared to those sent by the company. In the first square to the top right (different/enhanced), there are active communities that are sometimes independent. The orientation should be towards interacting within communities, or creating partnership with opinion leaders, "lead members" or "evangelists" (Lee et al., 2006) . Companies should stimulate conversation, thus enhancing their viral effects.
In the middle square of the second columns (different/neutral), online communities seem to have a rather weak influence in the perception process. Here we suggest to keep control over these online stimuli and to interact carefully.
In the last square on the right bottom (different/distorted), online signals may lead to the communities boycotting the company. It is important to verify if these stimuli come from black marketing made by competitors or from actual unsatisfied consumers while paying attention not to crowd these communities. It is also important to identify main online influencers and be ready to manage a potential crisis.
To summarize, the Prism Analysis table proposes some managerial implications as a response to different external communication stimuli. This table now needs a method to correctly identify external signals and place them in the right section.
Research Design and Methodology
The main goal of this paper is to better understand the social noise surrounding a brand and its valence (demand side) in order to contribute to the corporate communication audit framework in e-contexts, and begin the validation of its tools (C-Radar and one side of the Prism Analysis table) .
From the previous section and related literature background, the hypotheses of this study are related to the following three different concepts:
A To develop the research, the methods of textual discourse observation and analysis were applied. We used a data collection method and a text mining approach through software (Miller, 2005) . The conversion of textual material into quantitative data is not new in the marketing literature (Mohr and Nevin, 1990; Noble et al., 2002) .
The adoption of automated sentiment analysis was required to understand and measure the social noise and, in the meanwhile, to classify the valence of social media posts. For this reason, we needed Web crawler technology to capture and classify this sort of communication.
To do so, ten of the main online softwares for content (Lowe, 2003) and sentiment analysis were explored and tested. At the end of the software selection, Samepoint was chosen for the collection of noise data and Social Mention for sentiment analysis and valence information.
Sample selection
The sample selection aimed at finding brands around which there could be enough social noise and attention and with a significant amount of messages. To create a wide, multi-firm and cross-industry sample, the top 50 brands listed in the 2011SMR index (Social Media Reputation Index by Yomego), were chosen (see Appendix 1). This index ranks brands' popularity in social spaces. There are many tools to track a brand's profile across social media channels. The Social Media Reputation (SMR) score provides a benchmark to gauge brands' respective popularity. The SMR score is derived by averaging two variables: the noise around a brand (reach) and its popularity (satisfaction). Then the numbers from the last month are compared to the previous three months to apply a topical adjustment (recency).
The 50 brands with the highest social media reputation index belong to 8 main industries: Technology; Automotive; Retail; Food and drink; Online service; Entertainment; Financial; Health and beauty.
The 50 selected brands are also included in the Top 100 Global Brands, which are classified by value (Interbrand 2010; see Appendix 1).
Data collection and analysis
After the brands' selection, the research aimed at collecting online conversations about these brands within the most important social network sites.
Therefore, it was necessary to proceed with a content and sentiment analysis software selection in order to realize observations and analyses of textual discourses. In order to choose the most appropriate one, the software was required to collect the following data and information: -web noise; -social noise; -sentiment analysis; -social reputation index; -Brand value.
The amount of data about noise and valence with sentiment analysis that was collected seemed to be enough to answer the hypothesis.
Online observation, after collecting data from 19236 different messages in more than 80 social network sites (in August 2011), was conducted in one day to be comparable (this information refers data that was gathered and tracked in real time that might change on a daily basis). This was accomplished within the time range of the SMR index (where the numbers from the last month were compared to the previous three months in order to apply a topical adjustment).
Thanks to this selection, different steps of analysis were undertaken to identify: 1) online social noise, quantified in terms of the number of mentions related to a specific brand and related to the total amount of web mentions about this brand; 2) valence trend of customer mentions for each brand, which could be positive, negative or neutral; 3) Social Media Reputation Index (SMR) and Brand value relationship through correlation and regression analysis; 4) a ranking on the basis of these elements, by comparing it to the SMR index and Interbrand ranking. The first index that was calculated was social noise over web noise (S/W ratio). After that, correlation and linear regression analysis were conducted with R software. The main correlations were between: -positive comments and total social noise, corr(pos,tot); -negative comments and total social noise, corr(neg,tot); -neutral comments and total social noise, corr (neu,tot) .
In addition, we analysed, through a regression analysis, the relationship between: -SMR and brand value ranking, smr=ß0+ ß1value; -brand value ranking and SMR, value=ß0+ ß1smr.
Finally, all this information was interpreted crossing the C-Radar and Prism Analysis table concepts.
Findings and discussion
The main findings that arose from the data analysis allow us to answer the research hypotheses: -H 1 : "Noise": "A social noise (SN) around a brand is related to the total amount of web signals (WN, Web Noise) around the brand".
The first hypothesis about social "Noise" (H 1 ), specifically related to its relation to the total amount of brand web signals, is not supported by the study. This result has a significant implication for firm decisions, as there is no correlation between total web noise and amount of social noise in this data analysis. The Social/Web ratio, which is able to track the impact of social consumers noise on total web communication around a specific brand, showed that only 30% of brands registered a significant loud noise SN/WN>0.2 (with a social noise that is at least 20% of the total web noise) (see Appendix 2). This means that the assumption saying that "when a brand has high visibility online it is also a social brand" is not always true.
The C-Radar, as a Social/Web ratio, shows its role to steer practitioners to consider or not consider the auditing of social network conversations. It may suggest to simply enhance web noise or to invest more in social network stimulation in order to become more "social" if the strategy requires it. In exploring the results related to the H 2 about "valence", and investigating whether the majority of brand noise in social networks is composed by positive or negative WOM, our data showed that both H 2.1 and H 2.2 are not supported. Indeed, there is no correlation between positive messages and total social noise (r=0.08). More specifically, it is not confirmed that the greater the social noise around a brand is, the more its messages are positive (WOM positive issued). The same result was obtained for negative Word of Mouth (r=0.05). This finding may open new doubts to researchers and practitioners because they frequently measure social network feedback on the basis of positive attitudes of participants (i.e. in terms of the number of "likes", "fun", and "engagement rates"), or monitor negative reactions, while this study suggests that most social network posts are neither positive nor negative (see Appendix 2).
Another important finding for neutral WOM is related to the total amount of social noise, for which there is a strong correlation (r=0,9012). For this reason H 2.3 is supported. It highlights that most online messages represent a stimuli that either rebounds the company's activity or does not explain satisfaction or dissatisfaction with a brand.
By analyzing this finding through the Prism Analysis table, it can be seen that the highest percentage of online comments lies in the middle row of the table (neutral), where communication strategies should be focused on maintaining control or ordinary management. As a consequence, there are important marketing implications, as a brand should not merely stimulate the production of new messages, but enhance rebound activity.
-H 3 "Value": The brand's social reputation is strictly related to the brand's value (H 3.1 ); and vice versa (H 3.2 ). Finally, in order to verify the third hypothesis, a linear regression was calculated to verify if there was a statistically significant relationship between brand value and social brand reputation (H 3.1-2 ).The linear regression showed that the social brand reputation (rep=SMR index) had a positive impact on the brand value (brand) but the coefficient was not statistically significant (Beta=0.1862626). The same results were obtained by using social brand reputation as a dependent variable . This means that there was not a significant relationship between the two variables (H 3 =Not supported). In addition, the correlation was weak but positive (r(brand,rep)=0.1862626). Nevertheless, a lack of a significant dependence does not mean randomless relationship, as all top 50 SMR index brands belong to the top 100 brand value ranking too (See Appendix 1). The fact that they are valuable brands allows them to be more known and more social; being socially shared in online communities might have an impact in some way on brand value.
Conclusions, implications and limitations
The main goal of this paper was to better understand the social noise surrounding a brand and its valence in order to offer a contribution to corporate communication audits in e-contexts and validate some of its tools (C-Radar and one side of the Prism Analysis table). The findings point out the critical impact of new signals on the main corporate decision making processes. A marketing audit approach, which considers both consumers' and marketers' web 2.0 communication, is now available for marketing strategies. Although companies are aware that e-relationship networks are complex to manage, they should start measuring their Social/Web ratio, as well as the C-Radar, in order to understand when sentiment and content analysis are required, and to actively track their consumers' communities. Through the use of the Prism Analysis table, communication managers will be able to better understand the nature of external online flows. Companies could begin to understand the social sentiment on their brand, as well as track the existence of any effects of these consumers' communication flows.
This exercise not only allows the identification of distorted or enhanced messages, but also let pay more attention to the "neutral" row in the Prism Analysis table, because neutral rebound flows are more frequent than positive and negative ones.
Our findings might be relevant at a theoretical level, providing a framework for communication audit analyses that include social network messages. Moreover, as an academic implication, we underline that the debate in the literature has often focused on the extreme edges of WOM (highly positive or negative) without considering neutral messages, which represent the majority of online social messages. It is important to listen to these messages and control them in order to have a wide view of external players such as consumers and stakeholders at large. The Prism Analysis table is helpful to understand the impact of external communication signals and players. A company needs to understand the source of its own brand equity and social reputation; the study showed that being a valuable brand allows a company to be more known and social, and, being socially shared in social networks, impacts the brand value to some extent.
Some research limitations require to be explained: first of all, the potential software biased errors (misinterpretation of key words, coexistence of persons/slangs/common words that are similar to the brand name) are very difficult to remove completely, so we carefully worked to clean the data. Another limitation, related to one-shot observation timing, is compensated by the large sample that allowed our hypothesis testing to reach the point of saturation . In order to validate the research realized in 2011, we collected further data in 2012, in which we registered very limited differences. The analytic comparison of these two years of analysis will be done in our future study. Moreover, results may be compared over time and across industries to measure whether there will be some changes or trends.
Further research should be done to complete the analysis: we suggest to better explore whether a neutral message represents a repetition/rebound of a firm's communication, or reports an independent message by customers.
Furthermore, further research should be done towards a more comprehensive use of the Prism Analysis table by adopting a content analysis method, particularly in relation to the supply side (columns of Fig. 1 ).
In addition, the demand side could be better explained through a netnography approach in order to analyse the behaviour of different clusters of users.
Finally, in testing the demand side of the Prism Analysis table, we noticed that the literature often distinguishes between demand and supply side in WOM activity. However, as may be understood from this study, there is a complex mix of roles between senders and receivers that cannot be studied in a separate way. A survey on passive receivers (investigating those who are only on the demand side and are never senders) would be useful to fill this research gap. At the moment, the Prism Analysis 
